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Abstract 

We update citation-based rankings of academic journals in economics to study the 

relative ranking of new society journals. Using either a standard iterative eigenfactor 

methodology adjusted for reference intensity, or a top-5 citation alternative that we 

propose, we find that the American Economic Association journals (AEJ-Applied, AEJ-

Macro, AEJ-Micro and AEJ-Policy) and the Econometric Society journals (Quantita-

tive Economics and Theoretical Economics), are the top-ranked within their respec-

tive fields, and the Journal of the European Economic Association (JEEA) is similarly 

highly ranked. We explore different mechanisms to try to explain the rapid rise and 

consistently strong performance of these new society journals in economics. 

Keywords: citations, rankings, impact factors 

1 Introduction 

Journal rankings can influence researchers’ decisions on where to publish, as well as 

providing administrators, grant agencies and researchers who need to measure research per-
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formance to quantify the quality of research output, thereby influencing, among other things, 

hiring, promotion and the awarding of research grants. In economics, numerous studies have 

provided such rankings based on quality-adjusted impact factors, in which citations are ad-

justed for the quality of the citing journal (e.g. Liebowitz and Palmer, 1984, Laband and 

Piette, 1994, Kalaitzidakis et al. 2003 and 2011, Palacio-Huerta and Volij, 2004 and Kodrzy-

cki and Yu 2006). However, these studies currently give an incomplete picture of the current 

standing of journals because there was dramatic increase in the supply of high quality jour-

nals in the last 20 years with the introduction of the new society journals produced by the 

American Economic Association (AEA), the Econometric Society (ES ), and the European 

Economic Association (EEA).1 The introduction of these journals had the potential to have 

a seismic effect on journal rankings, but there is essentially no research to date on their 

impact on the rankings.2 

We make three main contributions. First, we provide updated journal rankings, based 

on impact factors, so as to include these new society journals. We find that the new society 

journals rank among the best journals in economics outside of the top-53, and that this rise 

to the “top” was achieved almost immediately after their launch. Second, using econometric 

analysis we investigate the extent to which controlling for journal characteristics can help 

explain the rise of the new society journals. Third, as described below, we contribute to the 

more general journal ranking literature in economics in terms of ranking methodologies and 

their implementation. 

Our starting point to measure impact factors, and so rank journals, is the approach of 

Palacios-Huerta and Volij (2004), which takes the now quite standard iterative eigenfactor 

approach to measuring impact factors. Their approach allows one to work out impact per 

article after removing citations from the same journal, and adjusting it for reference intensity 

1The EEA started publishing the Journal of the European Economic Association (JEEA) in 2003. The 
ES started Theoretical Economics (TE ) and Quantitative Economics (QE ) in 2006 and 2010 respectively. 
The AEA started the four American Economic Journals (AEJs) in 2009: AEJ: Applied Economics (AEJ-
Applied), AEJ: Macroeconomics (AEJ-Macro), AEJ: Microeconomics (AEJ-Micro), and AEJ: Economic 
Policy (AEJ-Policy). The AEA started AER: Insights in 2018, but this is too late to usefully incorporate 
in our analysis. 

2The one exception that we are aware of is the Kalaitzidakis et al. (2011) which included JEEA in its 
ranking. 

3These are: American Economic Review (AER), Econometrica (ECMA), Journal of Political Economy 
(JPE ), Review of Economics Studies (RESTUD) and Quarterly Journal of Economics (QJE ). 
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of the citing journals to better account for the tendency of articles in some fields to have 

more references than others (the invariant approach). For our initial ranking exercise we 

purchased and used citation data from 2015-2019 from the Journal Citation Report (JCR) 

database, where each year for a particular journal captures citations from publications in 

that year to publications in other journals from the current and previous four years. Using 

this approach, we find the ranking of the so-called “top-5” economic journals is consistent 

with earlier studies in which these journals take the top five positions. However, we also 

find that the new society journals, namely, AEJ-Applied, AEJ-Policy, AEJ-Macro, AEJ-

Micro, QE and TE, dominate their respective top field journals, and JEEA outperforms 

its comparable general-interest journals outside of the top-5. Furthermore, we find the new 

society journals perform consistently well across all of the alternative ranking methods we 

try, such as not adjusting for reference intensity, including non-standard economics journals, 

including non-economics journals, or using only citations from the top-5 economics journals. 

The introduction of the new journals caused the rankings of other excellent journals to fall. 

To put it loosely, the new journals can be viewed as taking the positions right after the top-5. 

Motivated by the exceptional performance of these new society journals, we explore the 

factors that are correlated with their high rankings in the years after their launch. However, 

the purchased JCR data are not well-suited to doing this because of the rigid form of the data, 

and instead we develop other ranking methods based on publicly available data. Specifically, 

we calculate impact factors based solely on citations from the top-5, and find that these 

produce quite similar results in terms of ranking for the top-30 or so journals. We were able 

to construct such rankings in several different forms, allowing us to conduct our empirical 

analysis and perform a relatively large number of robustness checks. 

Using the impact factors based on the top-5 citations, we compare each of the new jour-

nals to selected top field and general interest comparison journals, and find that: (i) all the 

new society journals manage to achieve statistically significantly higher impact factors right 

after their inception compared to their respective comparison journals; (ii) a number of fac-

tors are correlated with the performance of the new journals relative to their comparison 

journals, but that taken together these factors do not reduce the high rankings of the new 

journals; (iii) that AEA journals and ES journals appear to receive relatively more cita-
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tions from their parent journals (AER and ECMA, respectively) than do their comparison 

journals, but correcting for this bias has little effect on the new journal, or the Association, 

estimated coefficients dummies in the regressions; (iv) on average, the new society journals 

published a smaller number of articles per year than their respective comparisons;4 (vii) 

accounting for the fact that their associations held prestigious conferences open only to their 

respective members did not significantly affect their impact factors; and (viii) compared to 

their comparison journals, the new journals are led by editors who have affiliations at more 

highly ranked departments and who have more experience in editing highly ranked journals 

(which the prominent societies would be in a position to attract and appoint). 

In addition to documenting and trying to explain the strong performance of the new 

society journals, we contribute to the more general journal ranking literature in economics 

by proposing (i) a way to classify which of the journals are economics journals and which 

are not, (ii) a much less data-intensive ranking method based on citations only in top-

5 economics journals, showing that this is a good proxy for more comprehensive ranking 

methodologies when ranking the top 30 or so journals, and (iii) a forward impact factor 

measure previously unavailable in the literature that we use to measure how journals are 

performing in different publication years. An additional contribution from a journal ranking 

perspective is that we handle AEA Papers and Proceedings separately from the AER, rather 

than lumping them together which the existing literature has tended to do, and which leads 

to anomalous ranking results for the AER. 

Some authors, such as Palacios-Huerta and Volij (2004, 2014), Koczy and Nichifor (2013), 

and Demange (2014) have proposed theoretical properties a ranking mechanism should sat-

isfy and proposed approaches that satisfy these. Among these different approaches, we adopt 

the Palacios-Huerta and Volij (2004) invariant method as our benchmark approach because 

it has become the most used in the literature. This avoids weighting journals higher in cer-

tain fields where authors may tend to have denser citing patterns just because they publish 

articles that have longer lists of references. Avoiding this problem is agreed to be a desirable 

and important step, and helps explain why their approach has subsequently been adopted 

4Previous research has suggested that impact factors and number of articles published in a year are 
negatively correlated, so this is one possible way the new journals managed to ensure high average quality 
in their first few years. 
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in several other studies.5 

Our proposed alternative measure (the top-5 impact factor), which captures the average 

number of times articles in a journal are cited in the top-5, is inspired by the approach of 

Engemann and Wall (2009). They used a similar measure based on articles published in 

2008 to rank 69 journals based on citations from the top-5, the Review of Economics and 

Statistics, and the Economic Journal. They argue that this set of journals provides a good 

coverage of high quality citations while covering all different fields of economics. Our focus 

on the top-5 exclusively attempts to keep the quality of the equally weighted citations more 

uniform and reduces the data required to be collected. 

In the next section we describe our data and ranking methodology, with the new ranking 

results given in Section 3. In Section 4 we detail our empirical methodology, which we 

implement in Section 5. This includes exploring how different mechanisms are correlated 

with the impact factors of the new journals and their comparisons using regression analysis, 

and whether the new society journals (excluding JEEA) receive preferential treatment in 

citations from their parent journals. Section 6 concludes the paper. 

2 Journal ranking exercise 

In this section, we detail the data and methodology used to arrive at our benchmark 

rankings, our top-5 alternative rankings, and other alternative rankings, all of which we will 

use to conduct robustness checks. 

2.1 Data utilization 

Our data for the journal rankings come from two sources: purchased data from the JCR 

database, as well as data collected manually from the Web of Science. For our regression 

analysis in Section 5 we also make use of a range of publicly available data. As one might 

expect, our data collection and the creation of variables based on it were quite labor intensive. 

For most tasks, we used two research assistants working independently, cross checked their 

5For example, Kodrzycki and Yu (2006), Ritzberger (2008), Bao et al. (2010), and Lo and Bao (2016) all 
apply this approach in their ranking studies. 
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results, and resolved any discrepancies ourselves. We detail the data collection process for 

the above variables in Section A of the Online Appendix. 

We provide yearly journal rankings, and the corresponding geometric mean rankings, 

for the period 2015-2019 based on several ranking methodologies. For each of these, we 

make use of the same JCR data. For any particular year in this range, our citation data 

are obtained from citations in journals published in that year to journals published in the 

current and proceeding four years as recorded by the JCR. For example, in the case of JCR 

2019 edition, the data we obtain is for citations from journals published in 2019 to journals 

published between 2015 and 2019 inclusive (i.e. for a 5-year window).6 Typically, JCR 

releases citation data one year after the actual publication date of the journals, and so we 

included the latest JCR release (JCR 2019 edition), in order to get the most up-to-date 

data. The earliest edition of JCR we purchased is for 2015, which covers publications for the 

2011-2015 window, by which point all the new society journals (hereafter “new journals”) 

had been established for at least one year. Our JCR data is limited to journals classified as 

“economics” by the JCR. 7 

In the JCR data set, citations from and to the AEA Papers and Proceedings (i.e. the 

May issue of the AER) are not separated from the rest of the issues in the AER up until 

2018.8 Given these proceedings consists exclusively of short articles that do not go through 

a standard refereeing process, we have separately identified citations from and to the AEA 

Papers and Proceedings, essentially treating it as a separate journal for the purposes of 

ranking as well as our subsequent regression analyses. To do this, we rely on the Web 

of Science to retrieve the citation data and the number of articles for AEA Papers and 

Proceedings manually, and then remove these from the AER in the JCR data. 

6This five year window is consistent with Kalaitzidakis et al. 2003, who focus on citations in 1998 of 
articles published between 1994 and 1998. Some previous studies (Kalaitzidakis et al., 2011) focused on 
citations to articles published in the preceeding 10 years. Since the new journals of interest were launched 
as late as 2010, using a 10-year window would mean restricting to citation data in one year only, which is 
2020, the data from which was not even available at the time we conducted our study. For this reason we 
focus on a shorter window to do our ranking exercise. 

7The total number of journals included in the JCR “economics” dataset is 346, 345, 354, 363 and 372 for 
the years 2015, 2016, 2017, 2018 and 2019, respectively. 

8Since 2018, AEA Papers and Proceedings has no longer been published as the May issue of the AER. 
See https://www.aeaweb.org/journals/pandp/about-pandp 
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2.2 Our baseline journals 

In this section, we provide details on how we further refine the JCR data to arrive at our 

set of baseline journals. 

2.2.1 Classifying economics journals 

Some authors (for example, Kodrzycki and Yu, 2006) have criticized the JCR “economics” 

classification, as their classification criteria is not transparent and tends to include many 

journals that are more closely associated with other disciplines. In practice it is difficult 

to draw a clear boundary between economics and some other disciplines such as finance, 

management and statistics. Academics have long disagreed over whether finance should 

be deemed a subfield of economics or a discipline that is largely built on its own system 

of concepts and methodologies (Pieters and Baumgartner, 2002, Kodrzycki and Yu, 2006). 

To provide a within-discipline ranking in which citations from all other journals in the 

same discipline are counted (but not those from outside the discipline), some dividing line is 

required when using an iterative procedure in which all journals included ultimately influence 

the quality weighting applied to each of the other journals. To proceed, we propose a two-

stage mechanism for defining economics journals. 

Here we summarize our two-stage mechanism, leaving the full details to Section A.1 of 

the Online Appendix. The first stage involves identifying a set of economics journals based 

on whether the majority of their editorial board have economics affiliations. To keep things 

manageable, we collect affiliation information of the first ten eligible editors (including asso-

ciate editors and editorial board members) as listed on each journal’s website and compute 

the proportion of these editors who have an economics affiliation. If this proportion is one 

half or more, we call it initially as an economics journal. Using this only as a starting point, 

we then determine which are economics journals by determining whether the fraction of cita-

tions a journal receives that are from the group of economics journals is greater than or equal 

to a half. We iterate this procedure until no more journals shift between the economics and 

non-economics group. The idea is to identify a journal as an economics journal if it is cited 

more by economics journals than by non-economics journals. We then repeat this exercise 
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in step two by determining whether the fraction of citations a journal makes to the group 

of economics journals is greater than or equal to one half. The idea with this alternative 

exercise is to identify a journal as an economics journal if it cites more economics journals 

than non-economics journals. Again we repeat the iterations until the categorization of jour-

nals become stable (i.e. there are no changes in categorization with a further iteration). 

Finally, we take the intersection of these two stable sets of economics journals as our set 

of economics journals. This results in 193, 197, 200, 190 and 197 journals in the group of 

economics journals in the 2015, 2016, 2017, 2018 and 2019 data respectively. The full list 

of journals classified as non-economics are identified with dark shading in Table A.4 in the 

Online Appendix. 

2.2.2 Non-standard journals 

Starting from the group of economics journals classified by our two-stage approach in 

Section 2.2.1, in order to create a baseline set of journals we further exclude journals that 

do not follow standard submission and refereeing processes. Specifically, after looking at the 

submission pages and instructions to authors, we identify fifteen journals as non-standard 

in that they do not have open submission policies (anyone can submit an article) and/or 

they do not have a standard policy of sending articles (which are not desk rejected) to 

independent referee(s).9 The remaining standard economics journals will be referred to as 

our baseline journals in the rest of this paper, and the rankings that come from the invariant 

method based on these journals will be referred to as our benchmark ranking. Thus, to 

summarize, other than our baseline journals (standard economics journals), we have non-

standard journals (which are economics journals that are non-standard) and non-economics 

journals.10 

9The following journals are identified as non-standard: AEA Papers and Proceedings, Annals of Eco-
nomics and Finance, Annual Review of Economics, Annual Review of Resource Economics, Asian Economic 
Papers, Brookings Papers on Economic Activity, Econ Journal Watch, Economic Policy, Economics-The 
Open Access Open-Assessment E-Journal, Federal Reserve Bank of St Louis Review, Journal of Economic 
Literature, Journal of Economic Perspectives, NBER Macroeconomics Annual, Review of Environmental 
Economics and Policy, and World Bank Research Observer. 

10In the Online Appendix, Table A.3 contains the rankings obtained with the inclusion of non-standard 
journals. Non-standard journals are highlighted in lighter shading. 
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2.3 Methodology 

Having defined a baseline set of economics journals, we apply two different approaches 

to calculate impact factors and so journal rankings. 

2.3.1 Benchmark ranking methodology 

Consistent with the existing literature, we first remove self-citations (defined as citations 

from the same journal to itself) and adjust for journal size (which following Kalaitzidakis et 

al, 2011, we take as the number of regular articles published in the journal in a year). We 

then adjust for reference intensity, i.e., a measure of how much a given journal cites other 

articles on average, following Palacios-Huerta and Volij (2004), by normalizing the citation 

counts by the number of citations from a given journal over the summation of citations over 

all journals. 

Formally, for each year t, we denote the impact factor for journal j obtained in the ith 

iteration from this methodology by a superscript I. Before the first iteration starts, i.e., 

i = 0, we have ! X 1 
Nt cj,k,t 

II = (1) j,0,t PNt 1 Wj,t 
k=1,k=6 j wk,t m=1 cm,k,t 

From the first iteration onward, i.e., i ≥ 1, we have 

! 
Nt1 X cj,k,tI

I 
k,i−1,t 

II = (2) j,i,t PNt 1 Wj,t 
k=1,k 6 wk,t 

cm,k,t =j m=1 

where cj,k,t, as defined earlier, represents the number of citations to articles published in 

journal j over the five-year window, i.e., year t − 4 to year t, from articles published in 

journal k in year t, and Nt, wk,t and Wj,t denote the total number of journals in year t, the 

number of articles published in journal k in year t, and the total number of articles published 

in journal j from year t − 4 to year t respectively. 

As is clear from (1), all journals are given identical impact factors in stage zero of the 

procedure, and therefore the citations received by each journal are used without any quality 

adjustment to update the impact factors in the first iteration. However, from the first 

iteration onward, the updated impact factors from the previous stage are used to adjust 
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the citations received by each journal in the updating process, as can be seen in (2). The 

summation expression over m in the denominator of (2) captures the adjustment for reference 

intensity of the citing journal. With this normalization, the resulting impact factors are 

invariant to the reference intensity in an average article in any citing journal. This iterative 

updating process continues until convergence is reached for a particular year in the sense that 

the relative ranks of journals in that year based on their impact factors no longer change. 

Henceforth, we will refer to the invariant method of ranking journals defined by (2) and the 

resulting ranking of impact factors as our benchmark ranking methodology. 

2.3.2 Rankings Based on the Top-5 

As an alternative to the invariant method, we propose the top-5 impact factor as 

X 1 Top-5 Ij,t = cj,k,t, 
Wj,t 

=j k∈J,k 6

where cj,k,t is the citations to articles published in journal j over the years t−4 to year t from 

articles published in journal k in year t, and Wj,t is number of articles in journal j over years 

t − 4 to year t, and moreover, J is a set comprised of the top five general-interest journals, 

namely, AER, ECMA, JPE, QJE, and RESTUD. Similar to the practice for our benchmark 

rankings, we remove self-citations and also remove the AEA Papers and Proceedings from 

the articles and citations that we count from the AER. We then rank journals according to 

the resulting impact factor for a particular year. 

One of the advantages of the top-5 method is it is much easier to construct rankings using 

it compared to constructing rankings based on the invariant method. At the same time, the 

top-5 method satisfies some other desirable features given the five journals cover all major 

fields of economics and have broadly similar perceived quality levels (after removing AEA 

Papers and Proceedings from AER). 
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3 Journal ranking results 

In this section we present our overall journal ranking results, first using our benchmark 

invariant method on the baseline set of journals, then using our top-5 alternative, and finally 

using various alternatives to show the robustness of our results, and our ranking of the new 

journals in particular. 

3.1 Benchmark journal rankings 

[INSERT TABLE 1] 

Table 1 presents our benchmark results, a yearly ranking of the baseline journals based 

on the invariant method, with the geometric mean across the yearly ranks given in the last 

column. In the interest of space, we only present the top 100 journals, with the ranking for 

the remaining journals given in Table A.1 in the Online Appendix. As can be seen, the usual 

top-5 journals (defined in the introduction) are also found to be ranked the top five journals 

by our ranking method in each year. In terms of the order of the top-5 journals, using the 

geometric means, the ranking takes the form of QJE, AER, ECMA, RESTUD and JPE. 

Based on the geometric average of five years of ranking, the new journals we consider are 

ranked: AEJ-Macro (6th), AEJ-Applied (7th), JEEA (8th), AEJ-Policy (9th), TE (11th), 

AEJ-Micro (14th), and QE (16th). In Section 4, we will explore possible explanations for why 

these relatively new journals have performed so well in terms of quality-adjusted citations. 

Well-established top field and general journals outside of the top-5 are also highly ranked, 

although most of them have been pushed down in their ranking by the entry of the new 

journals. Again using the geometric means of the rankings, Journal of Labour Economics is 

ranked 10th, Review of Economics and Statistics is ranked 12th, and the Journal of Monetary 

Economics is ranked 13th. Some well-established top field journals that were highly ranked 

in earlier ranking studies seem to have slipped, including Journal of Economic Theory at 

24th, Journal of Public Economics at 25th, Journal of Econometrics at 26th, and Games 

and Economic Behavior at 33rd, all based on geometric means. 
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3.2 Top-5 ranking results 

[INSERT TABLE 2] 

Table 2 shows the comparable results using the top-5 method of ranking journals (Section 

??).11 First, and not surprisingly, AER, JPE, ECMA, QJE and RESTUD are still ranked 

in the top-5 of journals in Table 2, but the ranking among them is somewhat different 

from that produced by our benchmark journal rankings. More importantly, the new journals 

again perform remarkably well, and indeed based on the geometric mean over the five years of 

rankings, even better than based on our benchmark journal rankings, with rankings: AEJ-

Applied (6th), AEJ-Macro (7th), TE (8th), JEEA (9th), AEJ-Policy (10th), AEJ-Micro 

(12th), and QE (13th). 

Other well-established journals mostly rank in a similar way to before. Based on compar-

ing the geometric means of the two approaches, the largest discrepancies among the top-30 

journals from switching from our benchmark method to the top-5 method are the Journal 

of Human Resources (falls from 15th to 22nd), Journal of Business & Economics Statistics 

(falls from 21st to 30th), Experimental Economics (falls from 27th to 42nd), Econometric 

Theory (falls from 28th to 37th), Journal of Development Economics (rises from 29th to 

25th), and the Journal of Applied Econometrics (falls from 30th to 52nd). On the other 

hand, as a result of switching to the top-5 method, several journals move into the top-30, 

these being IMF Economic Review (rises from 31st to 26th), Games and Economic Behavior 

(rises from 33rd to 28th), and the Journal of Law and Economics (rises from 40th to 29th). 

For a direct comparison of the two approaches, we present the ranking for the geometric 

means in the benchmark and the counterpart with the top-5 method in the first and the last 

columns of Table 3 (the remaining columns will be explained in Section 3.3). From there, we 

observe that none of the journals with impact factors of zero using the top-5 method enter 

the top-75 of journals in the benchmark ranking. This implies that being able to attract 

citations from top five journals is an important milestone to be ranked within the top 75 of all 

economics journals. Moreover, the ranking of journals that just receive a few citations from 

11About one half of the baseline journals used for our benchmark rankings attract no citations from the 
top 5 journals over the years we study. As a result, their top-5 impact factors are equal to zero and all of 
them are assigned with the same ranks (and are omitted from Table 2). 
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the top five journals over any 5-year window is extremely noisy in the sense that this may 

be driven by just one or two publications. Therefore, the top-5 journal ranking is useful if 

we are looking at rankings of the leading group of journals, but is of less usefulness for lower 

ranked journals. For example, if we narrow down to the top 20 journals from our benchmark 

ranking (based on the geometric mean), we can see that all of them remain top 20 in the 

top-5 ranking except for the Economic Journal and the Journal of Human Resources, which 

are ranked by the top-5 method as 21st and 22nd respectively. 

Our results suggest that given the top-5 method is a lot less data intensive, researchers 

may be able to rely on the top-5 method to more quickly do ranking studies for the set 

of top-30 or so economic journals.12 Indeed, in Section 4, we will use the top-5 method to 

construct dynamic impact factors over a longer time period than our JCR data affords, so 

as to study the rise of the new journals. 

3.3 Robustness of rankings 

To supplement and cross-validate our benchmark rankings, we examine the robustness 

of our rankings based on the iterative method to three variations in our methodology. 

1. Removal of invariance to reference intensity: 

Most of the earlier ranking studies followed the standard iterative eigenfactor approach, 

but did not control for the reference intensity in the citing journals. Without adjusting 

for reference intensity, the formula for the impact factor of journal j in the ith iteration 

for year t simplifies to 

Nt NtX X 1 1 
Ij,
W 
0,t = cj,k,t and IW = cj,k,tI

W 
j,i,t k,i−1,t, Wj,t Wj,t 

k=1,k 6=j k=1,k 6=j 

where cj,k,t, Nt and Wj,t follow the earlier definitions. We present ranking results with-

out controlling for reference intensity in column (2) “Removal of Reference Intensity” 

of Table 3. 

2. Inclusion of Non-Standard Journals: 
12We will provide more evidence for this in the next section. 
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We add back non-standard economics journals to our baseline journals and replicate 

our benchmark ranking (based on the invariant procedure). We present the results in 

column (3) “Inclusion of Non-Standard Journals” of Table 3. For the ease of compari-

son with our existing results, after generating the yearly impact factors of the invariant 

method with the inclusion of non-standard journals, we remove the non-standard jour-

nals from the ranking results in Table 3. For readers interested in the full ranking 

of the non-standard journals, Table A.3 in the Online Appendix replicates Table 3 

but includes the non-standard journals in the table, where non-standard journals are 

highlighted with light shading. 

3. Full set of JCR journals: 

In Table 3, we also consider how much difference our two-stage endogenous mechanism 

in defining economics journals makes to our journal ranking results. As well as the 

inclusion of non-standard journals, we further add back the non-economics group of 

journals to our baseline journals. We reproduce the invariant approach on this new set 

of journals, which is the full set of JCR journals under the economics classification. 

Results are presented in column (4) “Full Set of JCR Journals” of Table 3. As above, 

we only show the rankings in Table 3 for our baseline journals, but the ranks of the 

non-economics journals are given in Table A.4 of the Online Appendix, where we 

replicate Table 3 using the full set of JCR journals as the baseline journals and the 

non-economics journals are highlighted in darker shading. 

[INSERT TABLE 3] 

In order to make it easy to compare the different approaches, Table 3 contains the 

ranking results for the three robustness approaches above together with the results from 

our benchmark ranking method (in column (1) and the top-5 method in (column (5)) 

based on the geometric mean of the rankings across the years 2015-2019. Note given space 

constraints, we only show the results for the top 100 journals, and have placed the remaining 

part of Table 3 for journals ranked below 100 in Table A.2 in the Online Appendix. Table 

3 shows that the top-5 journals remain ranked within the top 5 under all of the different 

methods. Most relevant for our study, the group of seven new journals we focus on continue 
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to rank within the top 16 of the baseline journals, with only minor variations in their ranking 

across the different methodologies. 

[INSERT TABLE 4] 

In Table 4 we show the Spearman’s rank correlation coefficients across different methods 

and years. In the upper panel of Table 4, we present the correlation between (1) yearly 

rankings and geometric-mean ranking based on our benchmark method (ranks shown in Table 

1) and (2) yearly rankings and geometric-mean ranking based on the top-5 method (ranks 

shown in Table 2). These rank correlations show that geometric-mean rankings are highly 

correlated with yearly rankings, both for our benchmark method and the top-5 method. 

In the lower panel of Table 4, we present correlations between each of the four alternative 

rankings methods (i.e. the three methods identified above, and the top-5 method) and our 

benchmark ranking for different numbers of top journals according to the journal list in 

Table 1 (for the results using geometric means). From the lower panel of Table 4, we see 

that the various alternative rankings are highly correlated with our benchmark rankings. In 

particular, we highlight that our top-5 method gives ranking results that are highly correlated 

with those from our benchmark method, and moreover, the maximum among the correlations 

between our rankings based on our top-5 method and our benchmark method is obtained 

when we restrict ourselves to the top-32 journals. These results suggests that the top-5 

method provides a good proxy for the benchmark method for the top-30 or so journals.13 

4 Mechanisms 

Here we propose regression approaches to see to what extent the high standing of the 

new journals remains once we control for various factors. 

13We also applied the iterative eigenfactor approach with the adjustment for reference intensity to the 
top-5 journals, as we did for our baseline rankings. This gives an adjusted top-5 ranking. We provide more 
details about this adjusted top-5 approach in Section B.1 of the Online Appendix. There we show, in Table 
B.1, that the resulting ranking is almost identical to the ranking from the simple top-5 method, especially 
when we focus on the top 30 or so journals. We chose to go with the simpler ranking method given that the 
rankings produced by the two methods are so close. 
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4.1 Comparison journals 

To start, we first pair each new journal with suitable comparison journals, i.e., the top-

ranked journals (outside the top-5) closest in theme or subject matter to each of the new 

journals. Specifically, we use: 

• For AEJ-Applied : Review of Economics and Statistics (REStat), Journal of Labour 

Economics (JOLE), Journal of Development Economics (JDE); 

• For AEJ-Macro: Journal of Monetary Economics (JME), Journal of Economic Growth 

(JEG), Review of Economic Dynamics (RED); 

• For AEJ-Micro: Journal of Economic Theory (JET), RAND Journal of Economics 

(RAND), Games and Economic Behavior (GEB); 

• For AEJ-Policy : REStat, Journal of Public Economics (JPubE), Journal of Human 

Resources (JHR); 

• For JEEA: Economic Journal (EJ), International Economic Review (IER); 

• For QE : Journal of Econometrics (JOE), Journal of Applied Econometrics (JAE), 

Journal of Business & Economic Statistics (JBES); 

• For TE : JET, GEB. 

In Table 5 we have extracted the information in Table 3 for the new and comparison 

journals. Column (1) indicates that all of the new and comparison journals are in the top 35 

when we use the invariant method to obtain our baseline ranking. This also holds true when 

we consider modifications of the sample for the invariant model. Finally all the journals are 

in the top 35 when we use the top-5 method except for the JAE. 

[INSERT TABLE 5] 
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4.2 Construction of the dependent variable 

A natural candidate for the dependent variable to measure how well a journal is doing 

in particular years is its yearly impact factor that we used in our benchmark rankings in 

Table 1. However, a problem with doing so when we run regression is that the citation 

data from the JCR (that we purchased) is only given in five year windows, so that we have 

citations in 2015 of articles published in 2010-2015, citations in 2016 of articles published 

in 2011-2016, and likewise through to citations in 2019 of articles published in 2015-2019. 

This poses several problems including that: (i) it does not fully cover the periods in which 

the new journals first launched; (ii) it will create strong autocorrelation in the error terms 

of the regressions since there is so much overlap in the years each dependent variable (the 

impact factor) covers14; and (iii) it does not allow us to control for the yearly characteristics 

on annual citations (for example, the total number of articles a journal publishes in a year, 

which may affect the impact factors). 

We will address these problems using the top-5 rankings, since doing so will allow us 

to: (i) collect earlier top-5 citation data for the new journals and the comparison journals, 

given that the data collection is feasible by hand; (ii) use shorter windows to reduce the 

autocorrelation problem and create more observations for the regressions; and (iii) switch 

to a forward impact factor measure, detailed below, that calculates how many times articles 

published in a particular journal in a particular year are cited in top-5 journals in the current 

and subsequent years. 

To calculate the respective forward impact factors, we proceed as follows. First, we collect 

the citations contained in the Web of Science from the top-5 journals to each of the new and 

comparison journals in a given year.15 The y-year forward impact factor for journal j in year 

14For example, consider the impact factors for 2015 and 2016. Publications in 2012, 2013, 2014 and 2015 
will contribute to both the 2015 and 2016 impact factors. 

15We continue to start the new journals in respective starting years, and start the comparison journals six 
years prior to the initial year of their respective new journals. Specifically, we collected the annual number 
of citations from each of the top-5 journals to the articles published in each year during 2003-2019 for JEEA, 
1997-2019 for JEEA comparisons, 2006-2019 for TE, 2000-2019 for the TE comparisons, 2009-2019 for AEJ s, 
2003-2019 for AEJ comparison, 2010-2019 for QE, and 2004-2019 for the QE comparisons. The details for 
this data collection are given in Section A.2 of the Online Appendix. 
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t is 
t+Xy−1 X 1 

Fj,t(y) = cj,k,t,m, (3) 
wj,t 

k∈J m=t 

where cj,k,t,m is the number of citations to articles published in journal j in year t by articles 

published in journal k in year m, while wj,t is the number of articles published in journal j 

in year t. In our application, the set J consists of the top-5 journals we used previously.16 

For example, if we want to construct the forward impact factor for the 2009 volume of 

AEJ-Macro over the period 2009 − 2011 (y = 3) we count the number of citations to the 

AEJ-Macro 2009 volume from the top-5 journals published in 2009 − 2011. We then divide 

this number by the number of articles that were published in the 2009 volume of AEJ-Macro. 

We can similarly define the y-year backward impact factor for journal j in year t with a 

y year window as " 
t

#−1 tX X X 
Bj,t(y) = wj,m cj,k,m,t, (4) 

m=t−y+1 k∈J m=t−y+1 

where cj,k,t,m, wj,x and J are defined as above. Based on this definition, our top-5 rankings 

in column (5) of Table 2 are equivalent to 5-year backward impact factors (the current year 

plus the previous four years). 

To better understand the difference between using the backward impact factors (defined 

in equation (4)) and our new forward impact factors (defined in equation (3)), consider the 

following example. Suppose we are interested in citations from articles published in top-5 

journals to articles published in JEEA. Our y-year backward impact factor focuses on top-5 

publications in a given year and looks at how many times they cited JEEA articles published 

in the current year and the y − 1 previous years. In contrast, the y-year forward impact 

factor focuses instead on JEEA publications in a given year and looks at how many times 

they are cited by articles published in the top-5 journals published in the current year and 

the y − 1 subsequent years. Thus, the forward impact factor focuses on the publication year 

of the journal being cited, allowing us to explore the impact of the JEEA (or any other 

journal) immediately following its launch. 

As we are primarily interested in exploring how the new journals and their comparison 

16Again we do not inclue citations from AEA Papers and Proceedings in this impact factor. 
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journals did in each year as well as overall, the forward impact factors are our preferred 

measure of journal performance in the regression analysis. We set y = 3 given that the 

choice of a three-year window balances our need for more observations, which requires a low 

value of y, while allowing us to aggregate over a sufficient number of years (three in this 

case) to make the impact factors more precise.17 Since the three-year forward impact factors 

require data on the current and two future years, and our data ends in 2019, the last year 

in which we can measure the three-year impact factor is 2017. 

[INSERT TABLE 6] 

In Table 6(a) we show the ranks of the new and comparison journals based on the 3-year 

backward and 3-year forward impact factors using the top-5 method, as well as the 5-year 

(backward) impact factors using the invariant and top-5 methods. Note that in the case of 

the 5-year backward impact factors, we have reranked the journals in Table 5 in terms of their 

ranking within the set of our new journals and comparison journals. Table 6(a) illustrates 

that the rankings of this subset of journals is essentially independent of the ranking method, 

and in particular, the new journals are always ranked higher than any of their comparison 

journals. 

Table 6(b) shows the Spearman’s rank correlation coefficients across the four different 

ranking outcomes in Table 6(a). These correlation coefficients are very close to one, rein-

forcing the result that the within group ranks are independent of ranking method. In light 

of this result, going forward we focus our regression analysis based on the 3-year forward 

impact factors (as noted above, we will use the 3-year backward impact factors for robustness 

checks.) Given our focus on y = 3 throughout the rest of the paper, for expositional ease we 

replace Fj,t(3) by Fj,t and Bj,t(3) by Bj,t in what follows; we also refer to three-year impact 

factors simply as impact factors from now on (whenever doing so does not create confusion). 

4.3 Did the new society journals do well immediately? 

We first ask how long it took the new society journals to achieve their high rankings. To 

explore this, in Figure 1, we plot the time series of the forward impact factor for each of the 
17A three-year window for the backward impact factor also reduces the autocorrelation problem relative 

to the five-year window used in our benchmark ranking. 
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new AEA journals and the average value of their respective comparison journals. We define 

the forward impact factors of the average of the comparison journals for a given new journal 

j X 1 
F̄j,t = Fs,t, (5) 

Com nj
s∈SCom 

j 

Com where Sj 
Com and nj denote the set of comparison journals and the number of these com-

parison journals, respectively, for a given new journal j. Note the x-axis in these figures 

represents calendar year of the journals. 

From Figure 1, we see that all the AEJ journals achieved higher forward impact factors 

than the average of their respective comparison journals over the sample period. For the ES 

journals, Figure 2 indicates that both QE and TE are above the average of their respective 

comparison journal counterpart in all years, except for TE in 2007. In Figure 3, we present 

the analogous results for the JEEA versus the average of its comparison journals. Note that 

the JEEA took one year before exceeding the average of its comparison journals. To examine 

the robustness of the results in these figures, we replicate them using the backward impact 

factors. The results have been placed in Section C.2.1 of the Online Appendix, and have the 

same implications as those in Figures 1-3. 

[INSERT FIGURE 1-3: 2-Year Forward Impact] 

4.4 Regression Approaches to Analyzing Impact Factors 

First we ask whether we can explain at least some of the differences in impact factors 

between the new journals and the control journals by conditioning on observable factors 

that differ across journals. Here we are essentially following the discrimination literature in 

labor economics where one investigates, e.g., how much the raw male-female wage differential 

changes when one controls for education, labor market experience etc. We will examine the 

change in the new journal coefficients when we control for the following for each journal: 

(i) the papers published per year; (ii) the editors’ average professional qualifications when 

the respective new journal started; (iii) the editors’ average editing experience when the 

respective new journal started ; and (iv) whether a journal is published by a society that 
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puts on a major conference. We explicitly describe our first approach in Section 4.4.1 below. 

We then ask if the AEA journals received preferential treatments in terms of citations 

from AER, and if the ES journals received preferential treatment from ECMA. We cannot 

investigate this issue using our first regression approach. Instead, our second approach 

investigates : (i) whether such favorable treatment occurs; and (ii) how the new society 

coefficients change when we attempt to eliminate the effects of this potential bias on impact 

factors. We explain our approach for this in Section (4.4.2) below. 

4.4.1 Controlling for Observable Factors When Estimating the Impact Factor 

Effects of the New Journals 

The raw new journal effects are captured in the following simple regressons 

α0 + α1d
New + α2d

Y ear Fj,t = j + �j,t, (6) 

β0 + β11d
AEA + β13d

EEA + β2d
Y ear Fj,t = + β12d

ES + ej,t, (7) j j j 

where Fj,t is defined above. Further, dNew 
j equals one if journal j is a new journal (AEJ-

Macro/Micro/Applied/Policy, JEEA, TE and QE ) but zero if journal j is a comparison 

journal, dAEA 
j equals one if journal j is affiliated with AEA and zero otherwise, dES 

j equals 

one if journal j is affiliated with the ES and zero otherwise, and dEEA 
j equals one if the 

journal is the JEEA zero otherwise. Further, dY ear is a vector of year dummies that will 

capture. among other things, long term trends. 

We then add a vector of observable characteristics xj to (6) and (7) to obtain: 

a0 + a1d
New + a2d

Y ear Fj,t = j + a3xj + µj,t, (8) 

b0 + b11d
AEA + b13d

EEA + b2d
Y ear + b12d

ES Fj,t = j j j + b3xj + uj,t. (9) 

We will not describe the estimated coefficients â3 and b̂3 as necessarily representing causal 

effects because components of xj may be correlated with uj,t and µj,t. For example, a journal 

may institute changes because it has an editor who is more proactive and creative in coming 

21 



up with policies to improve the journal, and hence this component of xj may simply be acting 

as a signal of this unobserved editor’s characteristics. In spite of this, â3 and b̂3 may still 

be of interest to journals since (i) they show what journal characteristics are correlated with 

impact factors and (ii) they may want to treat some elements of â3 and b̂3 as representing 

causal effects. 

The crucial issue is what variables to include in the vector xj. First, we include the number 

of articles the journal published in the given year, since a journal may restrict the number of 

articles published as a way to maintain a higher average quality of its articles. We also include 

in xj , for the new journals, the average observable characteristics of their initial editors, and 

for each set of comparison journals, their average observable editor characteristics at the 

time that the respective new journal started. We focus on the initial editors’ values since 

the future editors’ characteristics may be affected by its early success, in which case these 

future characteristics would be correlated with the error terms in (8)-(9). 

Our first component of the editor characteristics is based on average measures of the 

editors’ previous editing experience. Editors with previous editing experience may have a 

better idea of which articles are best for the journal, as well as starting with a substantial 

group of high-quality referees. We use four measures of editing experience. First, we note 

who have previously been editors, co-editors and managing editors; below we refer to these 

as ‘key editors’.18 We do this for both top-5 editing experience and for editing experience 

at a new journal and their comparisons. Another group of editors consists of those who have 

previously been associate editors or editorial board members, and below we refer to these 

as ‘secondary editors’. Again, we construct measures based on such experience at top-5 

journals and at our new and comparison journals. Specifically, we construct the following 

19: measures

(a) Editing experience with top-5 journals in a key role: We measure the average number of 

years of being an editor/co-editor of top-5 journals in the ten years before the respective 

new journal started.20 

18In the case where the managing editor is part of the administrative staff, or any editor was shown on 
leave, we exclude her from our analysis. 

19We also prepared a parallel set of variables to those that follow but using a five-year window for the 
editors’ average characteristics. 

20If someone is an editor of multiple (top-5) journals, we add together their total years of editing these 
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(b) Editing experience with top-5 journal in a secondary roles: We measure the average 

number of years of being an associate editor/editorial board member at top-5 journals 

in the ten years before the respective new journal started. 

(c) Editing experience with the new or comparison journals in a key role: We measure 

the average number of years of being an editor/co-editor of the new journals and their 

comparison journals in the ten years before the respective new journal started. 

(d) Editing experience with the new or comparison journals in a secondary roles: We mea-

sure the average number of years of being an associate editor/editorial board member 

of the new journals and their comparison journals in the ten years before the respective 

new journal started. 

Our second set of editor characteristics consists of measures for each editor’s standing, 

which we postulate depends on (when the new journal starts) the editors’ seniority; their 

publication record over the previous ten years; and the ranking of the department they are 

affiliated with. We specifically construct the average values of these three variables at the 

time that the respective new journals started, as follows: 

(a) Seniority: We compute the editor’s seniority as the difference between the calendar 

year when the editor obtained her Ph.D., and the year when the relevant new journal 

started. 

(b) Publication performance over the previous 10 years: We measure each editor’s publi-

cation performance by averaging her publications in top-5 journals21 in the ten years 

before the respective new journal started.22 For editors with less than 10 years of 

seniority, we average their publications in top-5 journals over the relevant years.23 

multiple journals to work out their average measure. We apply this same principle for the other three editing 
experience variables below. 

21Here, we again excluded AEA Paper and Proceedings 
22We also used Google Scholar and the Web of Science Author Search to collect the editors’ publication 

records to guard against researchers not keeping updated CVs or websites. 
23As editorial appointment decision could be made with more emphasis on recent publications in top 5 

journals, say, publications during previous five years, we constructed an alternative publication performance 
measure by focusing on publications in the five years prior to editors’ editorial appointment. 
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(c) Affiliation rank : We compare the average ranking of university affiliations (“schools”) 

of the editors of the new journals to the ranking of the schools of the editors of the 

comparison journals at the time that the new journals started. To do this we use the 

Tilburg University Economics Ranking (https://econtop. uvt.nl/rankingsandbox.php) 

which allows flexibility over the choice of journals and publication years in creating 

department rankings; we chose department ranks based on the total number of publi-

cations in the top-5 journals24 by department members over the ten years before the 

respective new journal started.25 Note that better departments will have lower ranks. 

Further, an advantage that the new association journals have is that membership in the 

AEA, ES, and EEA is a prerequisite of attending the (important) respective association 

meetings. To the extent that individuals join an association to be able to attend their 

meetings, this will potentially increase the exposure for all of the association journals, and 

hence could increase the impact factor for the journals. Fortunately, several comparison 

journals put on important meetings also: EJ ; GEB ; JAE, JBES ; JOLE ; and RED. Hence, 

we define a dummy variable coded one for the: AEA journals; the ES journals; JEEA; EJ ; 

GEB ; JAE, JBES ; JOLE ; and RED, and is zero otherwise. We then include this dummy 

variable as a component of xj in sum specifications when we estimate (8) and (9). 

4.4.2 Did the New Society Journals Receive ‘Extra Citations’ From Their Par-

ent Journals? 

We also consider the possibility that the new AEA (ES ) journals received favorable 

treatment in terms of citations from AER (ECMA). One way that this could occur is if 

authors believe that the respective associations want their new journals to succeed, and may 

consciously or unconsciously include extra citations to the new AEA (ES ) journals because 

they believe that this will appeal to the AER (ECMA) editors. We first investigate whether 

we can ascertain any evidence of this phenomenon in the data by proceeding as follows. If we 

find evidence of preferential treatment we will correct for it in our impact factor regressions. 

24Note that the Tilburg ranking counts AEA Papers and Proceedings as part of AER publications. 
25For a robustness check, we also used school ranks based on publications in the top-5 journals in the 

five years before the respective new journal started and this had essentially no effect on our coefficients and 
standard errors. 
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Define the forward impact factor of journal j in year t as measured by citations from a 

particular journal k as 
t+2X 1 

F k 
j,t = cj,k,t,m. 

wj,t m=t 

For the new journals and their respective comparison journals, define 

X 1 b F k Fj,t = j,t, 3 
k∈J 

where the set J = {JP E, QJE, REST UD}. In other words, we redefine the impact factors 

for the AEA and ES journals, as well as their control journals, as coming only from Restud, 

QJE and JPE, since this measure will be unaffected by citations from AER or ECMA. 

Then we define 

Δ(Fj,t) = F AER − b (10) j,t Fj,t, 

if j corresponds to an AEA journal and its respective comparison journals and 

Δ(Fj,t) = F ECMA 
j,t − Fbj,t, (11) 

if j corresponds to an ES journal and its respective comparison journals. Note that these 

measures look at the difference in average citations from the parent journals to the new 

journals and their comparison journals from those they received on average from JPE, QJE, 

and Restud. One might argue that we would expect Δ(Fj,t) to be positive for both the new 

society journals and their comparison journals, if the subject matter of the AER (ECMA) is 

somehow closer to the new AEA (ES ) journals compared to the other top-5 journals. This is 

why we will compare Δ(Fj,t) for the new journals with Δ(Fj,t) for their comparison journals. 

Since JEEA does not have a parent journals, we cannot include it here. 

We then run regressions of the form 

δ0 + δ1d
New + δ2d

Y ear Δ(Fj,t) = j + vj,t, (12) 

π0 + π11d
AEA + π2d

Y ear = + π12d
ES (13) Δ(Fj,t) j j + υj,t, 
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where dNew 
j = 1 for the AEA and ES journals and zero otherwise. Note that we have 

assumed that the vector xj differences out of (12) and (13). Significantly positive estimates 

of δ1, and of π11, and π12, would suggest that the AEA and ES journals are receiving ‘extra’ 

citations from their respective parent journals.26 

In case there is evidence of preferential treatment by the parent journals, we can inves-

tigate how this preferential treatment affects our new journals’ coefficients by defining an 

adjusted new forward impact factor for journal j in year t: 

t+2XX 1 
F̌j,t = cj,k,t,m, (14) 

wj,t 
k∈J m=t 

where cj,k,t,m and wj,t are defined above but now we use the set J = {JP E, QJE, REST UD}. 

Since by construction, the F̌j,t variables will be smaller than the Fj,t variables,
27 we create a 

normalizing factor τ which we multiply the F̌j,t variables by to obtain dependent variables 

whose regression coefficients will have the same interpretation as in our standard case. The 

corresponding normalizing factor is 

" #−1 " # XX XX 
ˇτ = Fl,t, Fl,t, , 

l ∈L t l ∈L t 

where L denotes the set of new and comparison journals. We then construct our new 

˜ = τ ˇdependent variables as Fj,t Fj,t. 

With theses adjusted impact factors, we run the following regressions28 

˜ φ0 + φ1d
New + φ2d

Y ear Fj,t = j + φ3xj + vj,t, (15) 

˜ λ0 + λ11d
AEA + λ13d

EEA + λ2d
Y ear + λ12d

ES Fj,t = j j j + λ3xj + υj,t. (16) 

26As a robustness check, we consider an alternative version of this approach where we include the impact 
of ECMA citations on the AEJ journals and the impact of AER citations on the ES journals. We formalize 
this alternative approach in Section C.3 of the Online Appendix and present the relevant results in Tables 
C.5 and C.7 there. This alternative approach produces results that are very similar to those produced by 
the method discussed in the text. 

27The F̌j,t variables are based on total citations from three journals while the Fj,t variables are based on 
total citations from five journals. 

28We also employ the alternative approach when we include the impact of ECMA citations on the AEJ 
journals and the impact of AER citations on the ES journals. The results are presented in Tables C.6 and 
C.8 in the Online Appendix, and again they are quite similar to those discussed in the text here. 
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We then compare the estimated coefficients on the new journals variable and the AEA, 

ˆ ˆ ˆES and EEA dummy variables, φ1,, λ11, λ12 and λ̂13 to the estimates we obtain when 

we do not adjust for preferential treatment by the parent journals, â1, b̂11, b̂12, and b̂13. 

Unfortunately there is no straightforward way to calculate standard errors for the differences 

in the estimated coefficients since the two sets of estimates are correlated, so we will focus 

on the overlap in the confidence intervals for the individual coefficients. 

5 Empirical Results 

In this section we discuss our empirical results. In each case, we first look at the difference 

in the means for the new and comparison journals. We then apply the regression methods 

described above. 

5.1 Mean Differences in the Dependent and Independent Vari-

ables 

Columns (1)-(3) of Table 7 present the mean forward impact factors (and their stan-

dard errors) of the relevant variables for all journals, the new journals, and the comparison 

journals, respectively. Column (4) shows the difference in the means between the new and 

comparison journals (and the corresponding standard errors). The first row of Panel A of 

Table 7 indicates that the new journals’ mean of the forward impact factor is 40.551 (after 

being multiplied here, and below, by 100, for ease of presentation), which is more than twice 

the size of the comparison journals’ mean of 16.070, resulting in a statistically significant 

difference of 24.481 in the forward impact factors in column (4). To examine the robustness 

of the implications of this calculation, we present the means for the backward impact factors 

in Table C.2 in the Online Appendix. The two sets of means tell the same story. 

In the second row of Panel A, we show the respective mean values for the number of 

articles published per year. Note that the mean value of 67.612 articles for the comparison 

journals is approximately twice as big as the mean value for the new journals of 35.887 

articles, and the difference of 31.724 is statistically significant. This difference in mean 
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values is one possible explanation for the difference in the mean impact factors between the 

new and comparison journals, if publishing more articles in a year is interpreted as diluting 

a journal’s average quality. 

In Panel B of Table 7, we show analogous statistics for the mean of the average editors’ 

research characteristics across the journals. The mean difference in the affiliations is signif-

icantly negative at the 10% level. Since better departments have lower values of the this 

variable, the editors at the new journals are, on average, affiliated with better departments. 

Further, editors at the new journals have significantly better publication records. Finally, 

the difference in average editors’ seniority is a statistically insignificant 2.073 years. 

Panel C of Table 7 focuses on the mean values of the editors’ experience variables. In 

terms of statistically significant differences, initial editors at the new journals had consider-

ably more experience in secondary roles at top-5 journals (i.e. as associate editors and/or 

editorial board members) and considerably less experience in key roles at other new and 

comparison journals (i.e. as managing editor or co-editor). 

5.2 The Effect of Controlling for Observable Variables on the New 

Journal Impact Factors 

Table 8 contains our regression results when we use the forward impact factor as the 

dependent variable (again, we multiply the dependent variable by 100 for ease of reading); 

we always cluster the standard errors at the journal level. In columns (1) and (2) we present 

the new journal and new association journal coefficients when we only control for year effects. 

The results suggest that the new society journals, taken together, have impact factors (after 

being multiplied by 100) that are 23.750 higher than the comparison journals (on a mean of 

21.402 across all journals). In column (2), we show the results of decomposing the new journal 

dummy variable into separate dummy variables for: (i) the four AEA journals (AEJ ); (ii) 

the two ES journals (ESJ ); and (iii) the JEEA. All of these dummy variables have significant 

(positive) coefficients, with the estimated AEA and ES effects being fairly similar and both 

are larger than the estimated JEEA effect. In fact, a robust F-test for the equality of the 

effects across associations produces a p-value of 0.074 and hence we can reject the hypothesis 
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that the effects are the same across association journals only at the 10% level. 

In columns (3) and (4) we add the number of articles per year in our regression to the 

specifications in columns (1) and (2) respectively. The results for the new journal dummy 

and the association dummies are very similar to those in columns (1) and (2). We find that 

a journal which publishes more articles in a year will be associated with a lower impact 

factor, other things equal. However, this effect is relatively small, in that publishing 10 more 

articles a year is estimated to lower a journal’s impact factor (after multiplying it by 100) 

by just 0.58 from column (3) and 0.54 from column (4). 

Columns (5) and (6) contain the results when we enter the average editor quality vari-

ables (seniority, publication performance, and affiliation rank) but not the editors’ average 

experience variables to the specifications in columns (3) and (4). The mean editor affilia-

tion has a significantly negative coefficient (at the 5% level) in both columns; since higher 

ranked departments have lower affiliation variables, the coefficient has the expected sign in 

both columns. To interpret this coefficient, we note that moving the average editor from a 

15th ranked to a 5th ranked school increases the journals impact factor (after multiplying 

it by 100) by 1.60 from column (5) and 1.51 from column (6). The other editors’ quality 

characteristics, seniority and publications, are neither individually nor jointly significant in 

columns (5) and (6). Thus, while the editor affiliation is strongly (partially) correlated with 

impact factors in the expected direction, its inclusion has little effect on the new journal 

coefficient and the association variables coefficients in (5) and (6). 

Next, we investigate whether controlling for differences in editing experience can help 

explain the difference in the impact factors between the new journals and the comparison 

journals. For the specifications in (7) and (8) we do not include the average editor quality 

variables but instead add the following variables to columns (3) and (4) the: (a) mean of the 

years that each editor held a key role at one or more top-5 journals; (b) mean of the years 

that each editor held a secondary role at one or more top-5 journals; (c) mean of the years 

that each editor held a secondary role at any new or comparison journals; and (d) mean of 

the years that each editor held a secondary role at any new or comparison journals. The 

coefficients on the editing variables are neither individually nor jointly significant. The new 

journal and association estimated coefficients jump by quite a bit, but it is not obvious how 
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to interpret this change given the weak evidence on the significance of the editing variables. 

Certainly it is not straightforward to test if the new and association coefficients have changed 

significantly in moving from (3) and (4) to (7) and (8). 

In (9) and (10) we add also add the editing experience variables to (7) and (8), i.e., we 

are now including both the average editing quality and editing characteristics. The major 

change with columns (7) and (8) is that the editing experience variables are now jointly 

significant (at approximately the 1% level) in both columns. Further, the top-5 editing 

experience variables, although not individually statistically significant, unexpectingly have 

quite large negative coefficients. We found these results puzzling and went back to the data. 

We found that AEJ-Micro had much higher average editing experience at top-5 journals than 

any of the other new journals, and had the lowest impact factor among the new journals. We 

therefore dropped AEJ-Micro and its comparison journals, placing the results in columns 

(11) and (12). The four editing experience variables are no longer jointly significant at any 

reasonable confidence level, so we do not pursue this issue further. However, the new journal 

and association journal coefficients are still quite significant when we add these average editor 

characteristics. 

As a robustness check, we replicated all of Table 8 for the case where we use the backward 

impact factors as the dependent variables, and have placed the results in Table C.3 in the 

Online Appendix. We adjusted the backward impact factors so that the coefficients in Table 

C.3 are comparable to those in Table 8. Again we find our results are very robust to this 

change. 

We also consider a number of further robustness checks as follows. In columns (1) and 

(2) of Table 9, we use editing characteristics measured over the 5-year period before the 

respective new journal started (as opposed to the 10-year period) for the case where all 

explanatory variables are included.29 The qualitative results here are quite similar to those 

in our main Table 8 columns (9) and (10). Up to this point we have used data for the 

comparison journals six years before the respective new journals started. In columns (3) 

and (4) of Table 9, we repeat the analysis in columns (9) and (10) of Table 8 when we start 

29Table C.1 in the Online Appendix repeats Table 7 for the editor characteristics over this new five year 
period. 
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the data on the comparison journals three years prior to the respective association journal 

starting, while in columns (5) and (6) of Table 9 we show the results for the case where the 

data on the comparison journals starts when the respective new journal starts. Again the 

results in columns (3)-(6) of Table 9 are quite close to those in columns (9) and (10) in Table 

8. 

Finally, one advantage that the new association journals have is that membership in 

AEA, ES, and EEA is a prerequisite of attending the respective association meetings. As 

discussed earlier, to investigate this issue, we define a dummy variable coded one for all 

journals with such a requirement, and zero otherwise. We have placed the results in columns 

(7) and (8) of Table 9, and from these results we see that the coefficients on this new variable 

are nowhere close to being statistically significant. 

Similarly, we replicate Table 9 by using the backward impact factor as the dependent 

variable and summarize the results in Table C.4 in the Online Appendix. Again, the results 

are very consistent with those when we use the forward impact factors in Table 9. 

We then investigate whether these estimated correlations will fall when we control for 

(i) the number of articles published per year, (ii) the editors’ mean research characteristics, 

(iii) the editors’ mean previous editing experience and (iv) whether an association puts 

on an important conference. However, none of these conditioning variables, either jointly 

or individually, reduces these estimated effects. Hence we cannot use these conditioning 

variables to ‘explain’ the relationship between being a new society journals and impact 

factors. Our results are quite robust to (i) replacing the forward impact factor with the 

backward impact factor as the dependent variable; (ii) moving from a 10-year window to 

a 5-year window for measuring the editors’ variables; and (iii) adjusting when we start 

measuring the comparison journals. 

Next we consider a possible explanation of the new journal estimated effect which we 

cannot explore by simply adding conditioning variables to our regression equation. 
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5.3 Do Parent Journals ‘Over-Cite’ their New Association Jour-

nals 

Here we focus on the issue of ‘over-citations’ from the parent journals to the new journals. 

To investigate this issue, we first ask if there is any evidence of excess citations from the 

parent journal. Next, if we do indeed find evidence of this phenomenon, we ask whether it 

is having an important effect on our estimated new journal impacts. 

To investigate whether the parent journals over-cite, for our new journals (except JEEA)30 

and comparison journals, we look at the difference in the impact factors from AER (ECMA) 

and the average impact factors from JPE, QJE and RESTUD ; in what follows we refer to 

this measure as differences in impact factors. If a new journal has significantly higher values 

of this variable than its comparisons, we say it is being overcited by the parent journal. 

In row (1) of Table 10 we first present the mean values of the differences in impact factors. 

From column (1), we see that the average of this variable across all journals is 6.569 (again 

after being multiplied by 100), which is highly statistically significant.31 This makes sense 

if the AEA (ES ) journals and their comparisons are closer in subject matter to the AER 

(ECMA) than to the JPE, QJE and Restud. Columns (2) and (3) show that the mean values 

are 14.608 and 4.455 for the new journals and the comparison journals respectively. Column 

(4) shows a mean difference of 10.153 between the new journals and the comparison journals, 

which also is highly statistically significant. We would note that these means are certainly 

consistent with overciting by parent journals. 32 

In Table 11, we present our regression results where the dependent variable is the differ-

ence in impact factors; since we are looking at the difference in citations, we do not control 

for any of the xj variables described earlier. The results in column (1) are for case where we 

aggregate them together, while column (2) shows the case where we have broken up the new 

journals by association. The results in column (1) suggest that on average, the new journals 

receive 10.000 additional citations from their respective parent journal, while the column (2) 

30We cannot include JEEA since it does not have a parent journal. 
31As in Table 7, the impact factors have been multiplied by 100 for ease of reading. 
32In Table C.5 in the Online Appendix Section C.3, we repeat the analysis for the alternative difference 

measures that make use of the four non-parent top-5 journals for each journal. We obtain very similar results 
to those in Table 10. 
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results suggest that the AEA over-citation effect is larger than the one for ECMA. However, 

the null hypothesis that difference in the association effects is zero cannot be rejected in 

column (2).33 Thus, we conclude that the AEA journals appear to have an advantage in 

receiving citations from AER, and the ES journals appear to have an advantage in receiving 

citations from ECMA. 

Next, we want to investigate how over-citing by parent journals affected the results in 

Tables 8 and 9. To address this issue, we calculate, for every journal, their impact factor 

based on citations from JPE, QJE and RESTUD, and then use these as our dependent 

variables.34 The new means are given in Table 12; note that here we can include JEEA since 

this analysis does not depend on having a parent journal. Compared to the means in Table 

7, we see that the difference in impact factors between the new and comparison journals 

(after being multiplied by 100) has fallen from 24.483 to 20.934, a fall of 15%. We then 

reran the preferred regressions in columns (9) and (10) of Table 8 for the case where this 

new variable of interest is the dependent variable. The results are given in columns (1) and 

(2) in Table 13, and are somewhat different from those in columns (9) and (10) of Table 8, 

but the differences across the association journals are not all in the same direction.35 

As a robustness check, we also conducted the above analysis using backward impact fac-

tors and the results were essentially unchanged. See Tables C.9-C.12 in the Online Appendix 

for the relevant details.36 

Thus, we conclude that the while the AEA journals appear to have an advantage in 

receiving citations from AER relative to their respective comparison journals , and the ES 

journals appear to have an advantage in receiving citations from ECMA relative to their 

respective comparison journals. However, correcting for this potential advantage does not 

substantially affect our regression results. 

33In Table C.7 in the Online Appendix, we show the regression results when we use the alternative difference 
measures. The results are very similar to those in Table 11. 

34We adjusted these impact factors for the fact that the impact factors here are based on three journals. 
35We repeat this analysis using the alternative construction of the dependent variable based on the four 

non-parent top-5 journals as described earlier; the results on their means and regressions are very similar to 
those in Table 12 and 13. We have placed these results in Tables C.6 and C.8 in the Online Appendix. 

36We also conducted robustness checks based on the differences in backward impact factors and adjusted 
backward impact factors that are developed using the alternative approach based on the four non-parent 
Top-5 journals. The results are again very similar. See Tables C.13-C.16 in the Online Appendix. 
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5.4 Factors we could not properly control for 

There are several factors that proved difficult to properly control for. One factor is 

whether a journal has an open access policy. This may improve a journal’s impact factor if 

it makes it easier for readers to access the journal, especially researchers in institutions with 

limited journal subscriptions. Unfortunately, for our purposes being open access is perfectly 

collinear with being an ES journal, given that QE and TE are the only two open access 

journals in our set of new and comparison journals. Thus we cannot identify an open access 

effect separately from the ES effect. 

A second factor we cannot effectively control for is whether the journal allows the transfer 

of referee reports from other journals. The impact factors for the new AEA and ES journals 

could be affected by the fact that the AEJ journals allow authors to transfer referee reports 

from the AER, and that the ES journals allow authors to transfer referee reports from 

ECMA. Thus, these new journals have an advantage in attracting articles that were rejected 

from the AER or ECMA, but which may be close to the standard of those journals. A few 

of our comparison journals also had a transfer policy. Starting in 2015, the JOLE allowed 

authors to transfer referee reports from any top-5 journal. Starting somewhere between 2010 

and 2012, the Economic Journal started allowing the transfer of referee reports from any 

other journal. Finally, the JHR started a similar approach to the EJ sometime after 2015.37 

Given the uncertainty of the exact dates of implementation for the EJ and the JHR, and 

that the reports transferred at these journals were not restricted to come from top 5 journals, 

we are left with only the data from the JOLE that we can combine with the new journals. 

We did not think it appropriate to try to evaluate how allowing for report transfers affects 

the new journal and association coefficients when only one comparison journal had such a 

policy. 

The effect of bundled pricing is a third factor we considered. Bundled pricing arises 

because institutions (such as university libraries) get discounted prices for buying a group 

of journals together from the same publisher. As Bergstrom et al. (2014) document, the 

practice is widespread across all the major for-profit publishers (e.g. Elsevier, Springer 

37We ascertained these journals’ policies by writing to the journals as we could not find any official policy 
announcement of their respective changes. 

34 



and Wiley), but involves privately negotiated discounts. To the extent new journals are 

more likely to be purchased by libraries because they are bundled together with established 

journals, their readership and impacts are likely to be enhanced. As it happens, the AEA 

offers bundled pricing, as does Oxford University Press (which publishes the JEEA). ES 

publishes QE and TE via an arrangement with Wiley, but since QE and TE are open 

access (free) journals anyway, bundled pricing is not a relevant factor for QE and TE. One 

could try to proxy for bundled pricing by introducing a publisher dummy, but the problem 

with this is the only overlap between publishers of new journals and comparison journals is 

Oxford University Press which publishes both JEEA and the EJ. 

A final, and arguably the most important, missing factor that we cannot control for is the 

association effect that arises when large and prestigious associations publish new journals. 

Not only can the associations promote these new journals to their large pool of existing 

members, more importantly, they can leverage the reputation of the association to help 

make sure the journal is a success. This reflects the inherent multiplicity of equilibria in 

journal quality. If everyone believes a journal X is the journal that will be the most cited 

journal in a particular field, and so submits their best papers there to benefit from the 

prestige their papers will enjoy from being published in journal X, it will be much easier 

for journal X to indeed become the most cited journal in that field. The scholars’ beliefs 

become self-fulfilling. Of course, if some little known publisher launches the new journal X 

and makes statements that it will be the number one journal in its field, this is unlikely to 

work on its own. We suspect that the most prestigious scholarly associations in economics 

(the AEA, the EEA and the ES ) do indeed have the required reputation to get scholars to 

coordinate on the desired equilibrium.38 

6 Conclusions 

Journal rankings play an important part in various decisions made by scholars, universi-

ties and funding agencies. As a result, in economics, there has been a substantial literature 

providing such rankings based on quality-adjusted impact factors. However, there is an ob-

38Note that we attempted to control for this effect partially by controlling for editor characteristics. 
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vious gap in currently available rankings, reflecting the introduction of several high quality 

society journals in the last couple of decades and which have not yet been properly incorpo-

rated in journal rankings. 

In this paper, we provide updated journal rankings to include these new society journals. 

The rankings we provide are based on impact factors calculated using a standard iterative 

approach (one which is invariant to reference intensity). One novel feature of our approach 

is that we also applied an iterative approach to the selection of the set of economics journals 

included. We find the new society journals perform consistently well, lying just outside 

the top-5, and ranked ahead of obvious comparison journals. And we show the robustness 

of these findings to different approaches to the selection of journals, to the adjustment for 

reference intensity, and to an alternative approach we introduce, which is to only include the 

citations coming from the traditional top-5 economics journals. 

After establishing the remarkable performance of the new society journals, we investigated 

how their performance was affected by controlling for observable journal characteristics. 

We find that while the performance measures are often correlated with observable journal 

characteristics, controlling for them jointly has little effect on the performance measures. We 

also found that the new journals benefit from ‘extra’ citations from their parent journals, 

but controlling for this variable does not affect the relative performance of new journals vs 

natural comparison journals. 

In terms of future work, an important line of research would be to determine whether 

one can estimate casual relationships between the performance measures and the observable 

variables; in this paper we use these factors as control variables and only aim to estimate 

correlations between the observable variables and the forward impact factors. 

Secondly, one could apply our approach outside of Economics. Publishers of Science, 

Nature and the Journal of the American Medical Association have introduced specialized 

journals. One could do a similar study to ours on how such journals compared to others in 

their respective fields. An interesting difference with Economics here is that the new journals 

associated with Nature are put out by a for-profit publisher, while professional associations 

are behind the other two sets of new journals. Similarly, using journals from a wider range 

of disciplines, it would be interesting to try to determine the extent to which a new journal 
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can leverage the reputation of its parent journal as opposed to the reputation of its publisher 

(society or otherwise). 
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Table 1: Economics Journal Rankings Based on Invariant Method 
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Table 1: Economics Journal Rankings Based on Invariant Method (Continued) 
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Table 1: Economics Journal Rankings Based on Invariant Method (Continued) 

Notes: To construct the last column, we compute the geometric mean using all available years 
2015-2019 for each journal. The order of the journals is based on the geometric means in the last 
column. If a journal is not captured in the JCR data or not selected into the set of baseline journals 
for a given year, this is denoted by N.A. and N.B., respectively. 
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Table 2: Economics Journal Rankings Based on Citations from Top-5 Journals 

42 



Table 2: Economics Journal Rankings Based on Citations from Top-5 Journals 
(Continued) 
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Table 2: Economics Journal Rankings Based on Citations from Top-5 Journals 
(Continued) 

Note: See notes to Table 1. If a journal is not cited by any Top-5 journal, this is denoted by N.C.. 

44 



Table 3: Journal Rankings Using Geometric Means Compared Across Alternative 
Methods 
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Table 3: Journal Rankings Using Geometric Means Compared Across Alternative 
Methods (Continued) 
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Table 3: Journal Rankings Using Geometric Means Compared Across Alternative 
Methods (Continued) 

Note: The order of the journals is based on the geometric means in the first column. Here, N.D. 
means that the journal is not cited by any top-5 journal in any year of 2015-2019. 
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Table 4: Spearman’s Rank Correlation Coefficients 

(a) Estimated Correlation Coefficients for Yearly Rankings 

Note: The number of observations used for each estimated correlation are in parentheses. 

(b) Estimated Correlation Coefficients of the Geometric-mean Rankings of Alternative 
Methods with the Geometric-mean Ranking of the Invariant Method 

Note: The groupings are based on the invariant method rankings in column 1, Table 3. Given a 
group, each row presents the correlation coefficients between the geometric-mean ranking based 
on the invariant method and the geometric mean ranking of each of the four alternative ranking 
methods. 
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Table 5: Rankings of the New Society Journals and their Comparison Journals 
Extracted from Table 3 
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Table 6: Comparing Rankings among Only the New and their Comparison Jour-
nals 

(a) Summary of Rankings 

Note: All columns are based on the ranking results for the six new society journals and their 
comparison journals (23 different journals in total). 

(b) Spearman’s Rank Correlation Coefficients between Geometric-mean Rankings in 
Table 6(a) 

Note: All Spearman’s rank correlation coefficients are computed for the 23 journals listed in panel 
(a) above. 
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Figure 1: Forward Impact Factors for the AEA New Journals and the Average of 
Their Respective Comparison Journals 

AEJ-Applied and the Average of Its Comparison Journals 

AEJ-Macro and the Average of Its Comparison Journals 
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Figure 1: Forward Impact Factors for the AEA New Journals and the Average of 
Their Respective Comparison Journals (Continued) 

AEJ-Micro and the Average of Its Comparison Journals 

AEJ-Policy and the Average of Its Comparison Journals 
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Figure 2: Forward Impact Factors for the ES New Journals and the Average of 
Their Respective Comparison Journals 

TE and the Average of Its Comparison Journals 

QE and the Average of Its Comparison Journals 
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Figure 3: Forward Impact Factors for JEEA and the Average of Its Comparison 
Journals 
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Table 7: Mean Values 

Note: Observations are clustered at the journal level in Panel A. However, for Panels B and C, 
we cannot cluster by journal as there is only one observation for each journal. Here, ( ) denotes 
standard error, and [ ] denotes p-value. 
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Table 8: The Effect of Being a New Association Journal on Forward Impact 
Factors 

Note: See notes to Table 7. Regressions in Columns (1)-(10) based on observations for: 2003-2017 
for the JEEA; 1997-2017 for the JEEA comparisons; 2006-2017 for the TE ; 2000-2017 for the TE 
comparisons; 2009-2017 for the AEJ s; 2003-2017 for the AEJ comparisons; 2010-2017 for the QE ; 
and 2004-2017 for the QE comparisons. Regressions in Columns (11) and (12) replicate Columns 
(9) and (10) after excluding AEJ-Micro and its comparison journals. The forward impact factor is 
multiplied by 100. 56 



Table 9: Estimation Results for Various Robustness Specifications Based on For-
ward Impact Factors 

Note: See notes to Tables 7 and 8. In columns (1) and (2), we use editors’ characteristics measured over five-
year duration. In columns (3) and (4), we allow three-year more observations for comparison journals than 
their respective new journals, i.e. we start these journals three years before their respective new journals 
start. In columns (5) and (6), we start the comparison journals at the same time their respective new 
journals start. In columns (7) and (8), we include a dummy variable equalling one if a journal is part of a 
society/association that puts on a major conference and zero otherwise. 
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Table 10: Mean Values for Differences in Forward Impact Factors 

Note: See notes to Tables 7 and 8. There is no parent journal for JEEA, and hence we cannot use it or its 
comparison journals here; after dropping these journals we have 20 journals and 269 observations. Again, 
we multiply the differences by 100. 

Table 12: Mean Values for Adjusted Forward Impact Factors 

Note: See notes to Tables 7 and 8. We are able to include JEEA and its comparison journals here, and 
have 23 journals and 326 observations. We adjust the citations from JPE, QJE and Restud to make them 
comparable to the standard impact factors. Again, we multiply the adjusted forward impact factors by 100 
for ease of exposition. 
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Table 11: The Effect of Having A Parent Top-5 Journal on Difference in Forward 
Impact Factors 

Note: See notes to Tables 7, 8, and 10. The x variables are assumed to difference out. 
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Table 13: The Effect of Having A Parent Top-5 Journal on Adjusted Forward 
Impact Factors 

Note: See notes to Tables 7 and 8. 
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